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Executive Summary 

Artificial intelligence is increasingly reshaping how firms operate, coordinate, and compete. Yet 

portfolio evaluation practices remain largely backward-looking, emphasizing historical financial 

performance, static factor exposures, or prescriptive qualitative checklists. As a result, a gap has 

emerged between the evolving structure of firms in an AI-influenced economy and the evaluative 

frameworks used by long-horizon investors. 

 

This paper advances a perspective rather than a product or index proposal. It argues that portfolio 

decision-making would benefit from a human-led, AI-assisted evaluative lens focused on 

institutional adaptability, governance capacity, and structural readiness for ongoing technological 

change. Artificial intelligence, when used under explicit human oversight, can assist in 

identifying and organizing evaluative dimensions that are difficult to specify fully in advance, 

while responsibility and decision authority remain firmly human. 

 

The discussion situates this perspective within existing portfolio management practice, examines 

the limitations of current evaluative approaches, and offers a stylized example illustrating how 

future-fit reasoning may complement traditional financial analysis. The objective is not to 

replace established methods, but to expand the conceptual toolkit available to investors operating 

under conditions of accelerating structural change. 

 

Introduction: The Evaluation Gap 

Portfolio management has long relied on financial metrics, factor models, and qualitative 

assessments to guide capital allocation. These tools have proven effective in environments where 

business models, institutional structures, and competitive dynamics evolve incrementally. 

Increasingly, however, artificial intelligence is altering how organizations function at a structural 

level, affecting decision processes, coordination mechanisms, and scalability in ways that are not 

easily captured by traditional measures. 

 

AI now influences product development, supply-chain coordination, labor deployment, 

regulatory interaction, and strategic planning across a wide range of sectors (CFA Institute 2019; 

OECD 2021). These changes shape not only near-term performance but also an organization’s 

capacity to adapt over time. Yet most evaluative frameworks remain anchored in historical 

outcomes or predefined qualitative categories, offering limited insight into how well firms are 

positioned for structural rather than cyclical change (CFA Institute 2019). 

 

This mismatch suggests the need for an additional evaluative perspective, one that focuses on 

future readiness and institutional adaptability rather than past success alone. 

 

Limits of Existing Evaluation Frameworks 

Current portfolio evaluation approaches generally fall into three broad categories. 

 

First, traditional financial and factor-based models infer risk and return from historical data (Lo 

2004). While indispensable, these models are inherently backward-looking and may be slow to 

reflect structural changes driven by technology, regulation, or organizational redesign. 
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Second, governance, quality, and sustainability frameworks introduce qualitative dimensions 

such as board composition, disclosure practices, and stakeholder alignment. These approaches 

add important context, but they typically rely on fixed criteria and static weighting schemes that 

may not adapt easily to evolving organizational complexity. 

 

Third, emerging AI-readiness and digital-maturity assessments aim to evaluate how firms engage 

with advanced technologies (CFA Institute 2019). These frameworks often take the form of 

expert-defined pillars or managerial checklists, emphasizing adoption milestones rather than an 

organization’s capacity for sustained adaptation. 

 

Across all three categories, evaluative dimensions are largely specified in advance by human 

designers. While this provides clarity and comparability, it limits the ability of evaluative 

frameworks to evolve alongside the systems they are intended to assess. 

 

From Metrics to Structural Readiness 

This paper proposes a shift in emphasis from static metrics and predefined criteria toward 

structural readiness for change. Structural readiness refers to an organization’s ability to absorb, 

govern, and deploy new technologies over time while maintaining institutional coherence and 

accountability. 

 

Artificial intelligence can support this shift not by replacing human judgment, but by assisting it. 

Under explicit human-defined constraints, AI tools can help identify relationships and evaluative 

dimensions that may not be obvious a priori (NIST 2023), particularly in complex, multi-sector 

environments. Importantly, humans retain responsibility for defining objectives, interpretability 

standards, ethical boundaries, and decision authority. 

 

In this framing, AI functions as an analytical aid rather than an autonomous decision-maker, 

enabling evaluative reasoning to evolve without relinquishing control. 

 

Sector Structure as an Anchoring Device 

AI-assisted evaluation carries the risk of unconstrained abstraction–identifying patterns that lack 

economic meaning or institutional relevance. To mitigate this risk, evaluative reasoning must be 

anchored in recognizable structures of economic activity. 

 

Sector structure provides such an anchor. Broad economic sectors reflect enduring functions–

such as production, finance, governance, and human services–that persist even as technologies 

and business models evolve. Grounding evaluation in sector-level context helps ensure that 

adaptive analytical tools remain connected to real economic roles rather than purely statistical 

correlations (OECD 2021). 

 

This anchoring does not constrain innovation; rather, it provides a stabilizing frame within which 

evaluative dimensions can evolve responsibly. 

 

A Stylized Decision Example 

Consider two publicly traded firms operating within the same sector and exhibiting comparable 

revenues, profitability, and balance-sheet strength. Traditional analysis might treat them as near 

substitutes. 
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A future-fit evaluative lens would probe beyond financial similarity. One firm may demonstrate 

strong institutional capacity: integrated decision processes, clear accountability structures, and a 

history of incorporating new technologies without disrupting core operations. The other may rely 

on fragmented systems, ad hoc technology adoption, and governance arrangements that struggle 

with complexity. 

 

While both firms may appear equivalent based on conventional metrics, their long-horizon 

trajectories could diverge as technological and regulatory conditions evolve. AI-assisted analysis, 

guided by human judgment, could surface such structural differences earlier, informing portfolio 

decisions in ways complementary to traditional evaluation. 

 

Implications for Portfolio Managers 

For long-horizon investors, this perspective implies a refinement of evaluative focus rather than a 

replacement of existing tools. Financial analysis remains essential, but it can be complemented 

by reasoning that emphasizes adaptability, governance capacity, and institutional resilience. 

 

This approach is particularly relevant for investors concerned with regime change rather than 

incremental variation (Lo 2004), and for portfolios intended to endure multiple technological and 

economic cycles. Rather than prescribing specific investment actions, a future-fit perspective 

reshapes the questions investors ask when evaluating organizations operating in an AI-influenced 

economy. 

 

Limitations and Open Questions 

This paper is conceptual in nature. It does not propose an index, portfolio, or performance 

claims, nor does it specify implementation mechanics or scoring methodologies. Empirical 

validation, integration into investment workflows, and governance of AI-assisted evaluation 

remain open questions. 

 

These issues represent a research agenda rather than limitations of the conceptual perspective 

itself. 

 

Conclusion 

As artificial intelligence reshapes the structure of firms and markets, portfolio evaluation 

frameworks must evolve accordingly. A human-led, AI-assisted perspective focused on 

structural readiness offers a way to address the growing gap between technological change and 

long-horizon investment decision-making. 

 

By emphasizing adaptability, governance, and institutional capacity–while preserving human 

oversight–this perspective can complement existing tools and help investors reason more 

effectively about future conditions rather than past outcomes. 
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